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YO <- factor(class)
Y <- model.matrix(” YO + O)




Partial least squares (1)
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pls <- pls_svd(X,Y)
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plot(score)
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plot(scoreY)
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Partial least squares(2)

* PLSA i1 & ¥ p-value(PLS )
pls <- pls_loading(pls)
PLS_loading <- pls$loading$R
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file <-"C:/R/mouse_data_original.csv"
X0 <- read.csv(file, skip=1) # IITE* X ¥ v 7

« T — 9 NG
X <=-XO[,-1] # 13 B 0BEFERNOXEH =K<
class <-c(I,1,1,1,1,1,2,2,2,2,2,2) # B1ER
X<-1(X) # T — 9 NEE

« BRI RO EH
YO <- factor(class)
Y <- model.matrix(” YO + O)
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plot(score, col=class, pch=16, cex=2)
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plsda <- plsda_loading(plsda)
PLSDA_loading <- plsda$loading$R
p_PLSDA <- plsda$loading$p.value
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write.csv(PLSDAI, file= "C:/R/loading_PLSDA | .csv")
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